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interpret [1,2]. Clinicians, researchers, and Al * e .
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developers need clearer ways to explore disease Tooltip with patient
progression patterns. details Research Value
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| N Separate heatmap view progression patterns, helping resea.rchers identify which variables and
To make ADNI data easier to explore by combining with filters cohorts are suitable for further analysis.
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CogVis can support future explainable Al work by placing model
predictions next to the underlying patient trajectory and comparable
cohort context, making predictions easier to question and interpret.

prototype platform.

METHOD

CogVis is being developed iteratively with a v
neurologist, using PPIE feedback and visual analytics Export view PLATFORM DESIGN
principles [3]. Data is cleaned and transformed with
Python (FastAPl), then visualised in React using
treemaps (Fig. 2), longitudinal heatmaps (Fig. 3), patient-level summaries [4],
filters, tooltips, and exportable views (Fig. 1).
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Fig.2 Treemap prototype: cohorts overview; hierarchy: APOE genotype = diagnhosis = gender
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Fig. 4 CogVis platform screenshots: treemap and heatmap views

CONCLUSION & FUTURE WORK

CogVis demonstrates how complex Alzheimer’s Disease datasets can be

Patient 3

Fig. 3 Heatmap prototype: details-on-  Red = higher ciinical concern; green = lower cinical concern, e e made more accessible through interactive visualisation. Future work will

demand; each row (x-axis) represents 1 W°'s® Better o evaluate usability with domain experts, refine public-facing explanations,

visit, columns (y-axis) show markers L I experiment with other dementia datasets and explore integration with ML
models.
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